Background: With diminishing costs of next generation sequencing (NGS), whole genome analysis becomes a standard tool for identifying genetic causes of inherited diseases. Commercial NGS service providers in general not only provide raw genomic reads, but further deliver SNP calls to their clients. However, the question for the user arises whether to use the SNP data as is, or process the raw sequencing data further through more sophisticated SNP calling pipelines with more advanced algorithms.
Background
Numerous NGS pipelines and tools have been developed in recent years that are valuable to users in the field, but also create confusion in selecting the desired tool. Some of the commercial NGS pipelines are CLC genomics workbench, DNASTAR, CASAVA, Genious, Genomatix Solutions, GenoMiner, Partek Genomics Suite and so on. Most of the commercial NGS pipeline tools are targeted to biologists as end-users highlighting easy and user friendly interface. Often, these commercial tools become difficult to customize for speed when processing large number of samples. Alternatively, commercial vendors provide the facility to process and ship the complete variants sets along with the sequencing of samples. Noncommercial open source NGS pipelines such as GATK [1, 2] , SAMtools [3] , SOAP [4, 5] , SNPAAMapper [6] , WEP [7] , Atlas2 [8] are also being used extensively in academia and many organizations. These open source NGS pipelines are highly customizable but require expertise to set up optimally. Many studies have been done to evaluate NGS data analysis pipelines and tools. Bao S. et al. [9] have evaluated various mapping and assembly software.
Pabinger et al. [10] have surveyed around 205 variants of NGS tools at different analytical steps like quality assessment, alignment, variant identification, variant annotation and visualization. Nielsen et al. [11] have evaluated various SNP and genotype calling algorithms. Although these studies have helped tremendously in determining which tools and pipelines to use, they do not answer the concrete question of whether to use data provided from a commercial vendor or to put in extra efforts to run additional well-known open source pipelines. Also, in situations where we fail to identify a causative variant in the data set provided by commercial vendors, we may doubt the pipeline's ability to find the variants. Thus, it becomes important to compare the variant sets provided by commercial vendors with variants obtained through one of the wellreputed tools. Several studies have confirmed the GATK pipeline's excellent performance in detecting variants. The GATK pipeline is being used in large projects, such as the 1000 Genomes Project and The Cancer Genome Atlas [1, 12] . However, smaller labs and institutes often rely fully on commercial vendors for complete sequencing and analysis services. Illumina Inc. is a leader in providing NGS services. Illumina uses the CASAVA and ISSAC pipelines for variant detection. Illumina has reported comparison among ISAAC, CASAVA and GATK pipelines; mostly for the speed of completing the pipeline [13] . However, an independent detailed comparison between the Illumina and GATK pipeline using multi-sample calling algorithm in larger cohorts is necessary. Here we compared variant sets supplied by the Illumina CASAVA pipeline and the wellknown GATK pipelines in great detail on concrete study cases and discuss the differences from a user's perspective. In general, genotype calling errors by the variant callers are associated with Mendelian violation when the caller is unaware of family structure [14] . In this study, both GATK and CASAVA are unaware of family pedigree and therefore Mendelian inheritance is examined in familial samples for the genotypes of discordant variants by the pipelines. As an additional independent quality control we use genotyping array data from the Illumina OMNI 2.5 array. We present an evaluation of the CASAVA and the GATK pipelines for three different data sets: 108 unrelated Qatari genomes, 19 trios from studies on obesity and diabetes, and 2 larger families with suspected rare genetic diseases.
Methods

CASSAVA SNP calling
Illumina SNP calls were based on the CASAVA −1.9.0a1_110909 pipeline. SNPs and the genotype from the CASAVA pipeline were called for each sample individually. We created a pass quality subset of these variants by keeping the variant for which Filter column in VCF file has value "PASS" and removing all other variants. Thus, the first set without any quality filter will be called CASAVA ALL and the quality filtered set will be called CASAVA PASS in this paper. In many cases, we have compared the pipelines for a group of samples. In these cases, we merged these SNPs from the CASAVA pipeline using vcftools [15] . Similarly, we created merged VCF for quality filtered (PASS quality) from the CASAVA pipeline by merging all the PASS quality SNPs based on quality column annotation (Genotype quality >20) in all single sample VCF files.
GATK best practice pipeline
In our in-house pipeline, we used Bowtie2 [16] to align the sequencing reads against the human reference genome build 37. We also used other necessary tools like SAMtools [3] , Novosort and Picard [17] to process and format alignment files before processing them with GATK. We implemented the best practices of GATK pipeline to call SNPs and Indels. We have used GATK 2.4 version and GATK-UnifiedGenotyper as SNP caller in this study. We have used multi-sample variant calling by GATKUnifiedGenotyper. The reason of using multi-sample calling is to distinguish non-variant genotypes between homozygous reference genotype and missing genotype in cohort analysis. With single sample calling genotype called only for variants we can't be sure if the nonvariants have missing genotype or same as reference. Also, big projects like 1000 genomes have preferred multi-sample calling over single sample calling [18] . We used GATK-UnifiedGenotyper instead of GATKHaplotypeCaller, a similar or better variant caller by GATK, in this study because of similar accuracy in calling SNPs and computational feasibility to run for large number of samples. For more than 100 samples, according to GATK website, GATK-UnifiedGenotyper is advised over GATK-HaplotypeCaller. The real advantage of Haplotypecaller over UnifiedGenotyper is in calling Indels but in this paper we are focusing on SNPs only. Next, similar to the CASAVA pipeline, we created two variant sets, GATK ALL (without any quality filter) and GATK PASS (by keeping the variant for which Filter column in VCF file has value "PASS" and removing all other variants) from our in-house GATK pipeline. The variants found by GATK pipeline were recalibrated using GATK walker VariantScoreRecalibrater. The input true sites in creating the model were SNPs from dbSNP Human build 132 [19] , genotyping OMNI array calls of 1000 genomes project and Hapmap SNP calls for estimating the probability that SNPs are true genetic variants rather than a sequencing or data processing artifact. The call sets were partitioned into quality trenches and are shown in the plot below. We took the variants until we found 99% of known variants (truth sensitivity) in the GATK PASS variant set.
Genotyping Omni array
Human genotyping array data is from Illumina HumanOmni2.5-8 platform. This array has about 2.37 million tag SNPs from 1000 genomes pilot project with MAF ≥2.5%. Illumina Inc. supplied genotypes for all the samples from HumanOmni2.5-8 by performing Illumina Infinium LCG assay and thereupon calling the genotypes using their propriety software called GenomeStudio. They provide genotype for each of these probes with GenCall scores. Illumina recommends a GenCall score cut-off of 0.15 for their infinium assay based products [20] . This recommended GenCall score cut-off of 0.15 was used to test the concordance with the GATK and CASAVA pipelines. average coverage of 43.20 for first family and 42.95 for second family (Additional file 1). In the pipeline comparison result for these two families, GATK calls were made by multi-sample calling of all members of the family whereas CASAVA calls were from single sample calling.
For all three evaluation data sets, although Illumina supplied annotated VCF files, we annotated both Illumina and GATK VCF files using SnpEff [21] and AnnTools [22] to provide a uniform annotation for comparison between pipelines.
Results
The summarized comparison results between the CASAVA and GATK pipeline are presented in Table 1 . Both CASAVA and GATK have very high similarity to OmniArray genotypes. However, while comparing all variants from NGS, GATK identifies a higher number of variants than CASAVA. The robustness of these additional variants are analyzed and discussed below in the results presented for comparison between the pipelines for various data sets.
Comparison of NGS pipelines with genotyping array
The Illumina Omni 2.5 platform can detect genotypes at 2.37 million SNP loci in the human genome. In every single individual about 30% of these 2.37 million SNPs were present either in a heterozygous or a homozygous for the non-reference variant state. Illumina only reports genotypes for such variants in the VCF files. Reference allele homozygous calls are not differentiated from noncall. We therefore compare the pipeline only on SNPs that are reported in the VCF files. Both pipelines have very high concordance (~99%) with genotyping array data ( Table 1) . GATK pipeline has a higher number of non-reference SNPs compared to CASAVA, but CASAVA has slightly higher genotyping matches (99.67%) compared to GATK (98.33%). For quality passed variants (CASAVA PASS, GATK PASS) both pipelines have approximately the same concordance with Illumina Genotyping OmniArray data (Table 1 and Additional file 2). False positives and false negatives in Table 1 are calculated assuming Illumina OMNI 2.5 genotype data to be correct. GATK has lot more false positive compared to CASAVA before PASS filter and the opposite after PASS filter. To our surprise, TsTv ratios of these false positives are not very far from ideal TsTv ratio of 2.0-2.1. Furthermore, TsTv ratio of false positive by GATK is better, closer to 2, than the TsTv ratio of false positive by CASAVA in both before and PASS filter. Moreover, the TsTv ratio of common false positive is near to 2 suggesting these small numbers of common false positive by both pipelines could be false negative in OMNI 2.5 genotype array data.
Pipeline comparison in unrelated individuals
Venn diagram in Figure 3 shows the comparison between CASAVA and GATK pipeline for the combined variants of all 108 unrelated individuals. For the unfiltered variants set in Figure 3A , GATK ALL and CASAVA ALL have an approximately equal number of SNPs (24.01 million for GATK and 23.99 million for CASAVA) and an equal number of unique SNPs (2.4 million for GATK and 2.39 million in CASAVA). However, if we look at the individual sample from GATK and CASAVA in Figure 4E , we find GATK has many more SNP calls than CASAVA (4.33 million by GATK and 4.02 million by CASAVA). This discrepancy, similar number of variants by pipelines at population level but different at sample level, can be explained by exploring shared and unique variants across the samples ( Figure 5 ). The number of shared variants among 108 individuals identified by GATK is lot more than in CASAVA for both Figure 5d ). Also, we can explain the discrepancy by pipelines at population and sample level by looking at the pipeline specific calls (GATK ONLY and CASAVA ONLY calls). Theoretically, CASAVA ONLY calls should be very different across the 108 samples and GATK only calls should be similar across 108 samples to justify the observed discrepancy. When we checked the GATK ONLY 2.4 million SNPs of combined variants set ( Figure 3A) , we found that around 56.6% (1.29 million) were present in more than 5 out Comparison between the pipelines have been done for unfiltered sets (CASAVA ALL, GATK ALL), and for quality filtered sets (CASAVA PASS, GATK PASS).
of 108 samples. In contrast, in CASAVA ONLY 2.39 million combined variants ( Figure 3A) , only 18.8% (0.45 million) were present in more than 5 out of 108 samples. The higher percentage of consensus call across the sample in GATK ONLY SNPs compared to CASAVA ONLY SNPs indicates the effects of multi-sampling calling using the GATK pipeline. We hypothesize that this effect is desired since the samples are from the same population. In other words, in order to have confidence in the SNPs that are non-agreeing across the pipelines, the variant calls should have agreement across the samples, provided that the samples originate from same population. However, the variants identified by only one pipeline (GATK ONLY SNPs or CASAVA ONLY SNPs) have lower TsTv ratio compared to variants that are common to both pipeline ( Figure 4A and Figure 4B ). TsTv ratio for GATK ONLY SNPs before pass filter in Figure 4A is very low (1.096 ± 0.003). Similarly, TsTv ratio of CASVA ONL SNPs in Figure 4B is low (1.485 ± 0.001). The lower TsTv ratio of pipeline specific variants indicates the presence of false positives. Furthermore, Het/Hom ratio of GATK ONLY subset after GATK PASS filter is very high, as shown in Figure 4D , indicates that GATK calls more false positive heterozygous calls than homozygous false positive calls. In general, the explanation of lower TsTv for both before and after PASS filter should be similar. The more number of pipeline specific variants has more false positives. In addition to the pipeline specific variant count, the lower quality variants could be reason of of very low Tstv ratio for GATK ONLY in Figure 4A compared to TsTv ratio of GATK ONLY subset in Figure 4B . However, before pass filter the number of combined set of variants for GATK ONLY (2.4 million) is similar to CASAVA ONLY (2.39 million) and, therefore, should not have drastically different TsTv in data set. Moreover, GATK ONLY subset has more number of shared variants among 108 samples compared to CASAVA ONLY and intuitively we would be expecting better TsTv for GATK ONLY compared to CASAVA ONLY. The opposite behavior of TsTv can thus be attributed to GATK multi-sample calling which might be placing doubtful SNP in samples at particular locus if it one or more samples have confirmed SNP at that locus. This suggests that multi-sample calling has the advantage of calling more variants but at the cost of more false positives. The other possible explanation of lower TsTv ratio of pipeline specific variants could be non-universal nature of TsTv ratio [23] . However, we tested this by random sampling the 2.4 million variants 10 times and computed TsTv ratio. We found TsTv ratio of these randomly sampled variant to be 2.051 ± 0.001. This excludes non-universal nature of TsTv ratio as possible explanation. Thus, lower TsTv for pipeline specific (GATK ONLY and CASAVA ONLY) subset is indication of false positives. The non-agreeing SNPs between the pipelines can also be analyzed in a family structure to see the Mendelian violation, which we did by looking at 19 trios (Father, Mother, and Offspring) and 2 families having homozygous recessive diseases. Pipeline differences after PASS filter at per sample level ( Figure 4F ) is apposite to before PASS filter ( Figure 4E) i.e. the number of SNPs per sample in GATK call set is lower than in CASAVA. However, at population level GATK called more SNPs in both before and after PASS filter ( Figure 3A and Figure 3B ). It is important to see how PASS filter changed the allele frequency distribution in GATK and CASAVA. Minor Allele Frequency (MAF) distribution plot shown in Additional file 3 and variants frequency distribution shown in Additional file 4 to see the effect of PASS filter for both GATK and CASAVA. In Additional file 3, we can see that PASS filter removes low frequency with high MAF and, therefore, we see higher frequency for low MAF. In Additional file 4, we can see the distributions of GATK before and PASS filtering is far apart while the distribution of CASAVA before and PASS filtering has some overlap. This shows that there are many low quality variants from each of the 108 unrelated samples identified by GATK. This also explains the reason of higher false positives and lower TsTv ratio for of GATK compared to CASAVA before PASS filter.
Pipelines comparison in trios
The CASAVA and GATK pipelines were compared for 19 trios from the Qatari population by taking combined variants sets of each trio separately ( Figure 6 and Additional file 5). On average GATK ALL have 7 million variants in any trio compared to 5.25 million variants in CASAVA ALL ( Figure 6 ). The large difference between the GATK ALL and CASAVA ALL variant sets in any trio can be attributed to GATK multi-sample calling, but this gives rise to the question about the qualities of these extra variants. Both pipelines have approximately equal percentage of variants having Mendelian violation (3.40% for CASAVA ALL and 3.47% for GATK ALL ( Figure 6C ). Assuming Mendelian violation as a criterion to judge confidence in variants, CASAVA pipeline missed those extra 1.75 million variants present in GATK ALL, which were comparable in quality. However, the lower TsTv ratio of 1.01 for Mendelian violated GATK ALL variants compared to TsTv ratio of 1.47 for Mendelian violated CASAVA ALL variants ( Figure 6A ) creates doubt about these extra 1.75 million variants of GATK ALL. The difference between number of variants, Mendelian violation, and TsTv ratio in the GATK and CASAVA pipelines is diminished for qualityfiltered sets (CASAVA PASS and GATK PASS). It's important to estimate false positive rate for the decision of applying the PASS filter or not. Since we do not have genotyping array data for trios, we are confined to assess the pipelines performance based on Mendelian violation and TsTv ratio. We can assume the variant set confirmed by both pipelines to be robust to provide us the rough estimate of the Fraction of Mendelian violation (F MV ) in each trio by the pipeline. Using this fraction we thus computed the Expected number of Mendelian violation in variants subset (E MV ) which didn't pass the PASS filter (NOT PASS) in the pipelines. We then found the actual number of variants with Mendelian violation (O MV ) in all the variants in NOT PASS subset (T NP ). We then calculated the false positive fraction in the NOT PASS subset by (O MV -E MV )/T NP . This way we found mean false positive percent of 11.15% for GATK NOT PASS subset and 22.90% for CASAVA NOT PASS subset in 19 trios. The detailed numbers are shown in Additional file 6. The false positive percent in CASAVA NOT PASS is higher than GATK NOT PASS in trios that is in contrast to false positive percent by pipelines in 108 unrelated individuals when computed using Genotyping OMNI array data. It suggests that GATK multi-sample calling algorithm works better in related individuals compared to unrelated individuals. In order to check the real difference at a functional level, we evaluated the pipeline performance in real case of finding the causative homozygous recessive variant in two diseased families.
Pipelines comparison for calling variants in monogenic homozygous recessive diseased families
We analyzed two different families with affected children. In Family 1, affected children were diagnosed with the phenotype of hypoplasia of cerebellum which is monogenic homozygous recessive disease [24] [25] [26] [27] [28] . In Family 2, affected children were diagnosed with abnormal pain sensation, which is also monogenic homozygous recessive disease [29] [30] [31] [32] [33] . The number of variants between pipelines and between quality filter sets follows the similar pattern of what we saw above in the comparison between the pipelines in trios. However, in these cases, the difference in Mendelian violation between the pipelines is strongly pronounced. The difference is more between CASAVA ALL and GATK ALL variants set and the detail of this shown in Table 2 and Table 3 Mendelian violation in the CASAVA PASS set. In contrast, GATK has only 2.96% (187920 out of 6337108) of variants with Mendelian violation in the GATK ALL set and 0.14% (7122 out of 5004048) of variants with Mendelian violation in the GATK PASS set (Table 2 and Additional file 7). Because both children are affected by the hypoplasia of cerebellum, and the parents and aunt are unaffected, the causative variant should be a homozygous variant [34] . We further investigated the pipeline performance to find the homozygous recessive variants. In this paper, we use the term Homozygous Recessive Condition (HRC) for any particular variant position in a family when all three of the following conditions are met: 1) all affected off-springs are homozygous, 2) all affected off-springs have the same genotype and their genotype is different than normal individuals in the family, and 3) all affected off-springs follow Mendelian inheritance (e.g. Father GT = A/C, Mother GT = A/C, Affected Child 1 GT = C/C, Affected Child 2 GT = C/C). Both CASAVA and GATK pipelines have approximately a similar number of HRC variants (Table 2 ). They also have a similar number of region specific or known variants like exonic, CDS, 3'UTR, 5'UTR, intronic, non-synonymous coding, 1000genome and so on. Furthermore, the pipelines have a similar number of commonly known variants such as those in 1000 genomes, and Q108 (108 unrelated individuals from Qatar). After filtering the known variants, we tried to map these variants to known genes for the phenotype in the literature. We could not map the set of possible causative variants to known genes in this case. Therefore, we tried another real case of homozygous recessive disease with a pair of normal and affected siblings.
Diseased family 2
This family is different in structure because of the presence of unaffected siblings ( Figure 2B ), which gives extra power to evaluate the pipeline because of the inherent validation about the variants, e.g. evaluating homozygous recessive variants identified by both the pipelines but mismatched in genotypes according to Mendelian inheritance in affected and unaffected separately. We have presented a detailed comparison of the pipeline performances for this family in Table 3 . The additional parameters to judge the pipelines in Table 3 , as compared to the previous case in Table 2 , are due to the additional two normal siblings in this case. Exclusively determined HRC variants are divided into two sets of variants for Comparison between the pipelines have been done for unfiltered sets (CASAVA ALL, GATK ALL), and subset of variants fulfilling the criteria of Homozygous Recessive Conditions (HRC).
analyzing pipeline performance: 1) HRC variant by Pipeline1 and not by Pipeline2 and having mismatch in genotype calls between the pipelines, and 2) HRC variant by Pipeline1 and none from Pipeline2 for all five individuals. In the first set of variants (Table 3 , Column "GT mismatch by GATK" and "GT mismatch by CASAVA"), in which only one pipeline meets HRC and the pipelines have The cases where one pipeline has both HRC and Mendelian inheritance and other pipeline has neither could be a strong indication that the second pipeline calls are wrong in these variants. Example variant position genotypes in this family are as follows: In Table 2 , we can see in the CASAVA ALL and GATK ALL sets that out of 1499 exclusively determined HRC variants by GATK, 929(62%) had both Mendelian violations and different genotypes by the CASAVA pipeline. In contrast, out of 781 exclusively determined HRC variants by CASAVA, only 244 (31%) have both Mendelian violations and different genotypes. Therefore, we can say that for exclusively determined HRC where there is mismatch between the genotype calls between the pipelines, the GATK pipeline is more robust than the CASAVA pipeline, if we compare all the variants without any quality filter.
We also examined Mendelian violation in another set of exclusively determined HRC variants by one pipeline where there were no variants in any member of the family by the second pipeline (Table 3 , Column "Absent in GATK" and "Absent in CASAVA"). Both CASAVA and GATK have almost no Mendelian violation in these cases. Table 3 also shows many categories to compare CASAVA and GATK. CASAVA identifies slightly more number of Non-synonymous variants compared to GATK. However, GATK has higher percentage of Non-synonymous variants as HRC variants compared to CASAVA. About one hundred of these Non-Synonymous variants of both the pipelines are linked to 60 pain related genes by literature identified using SnpEff [21] and AnnTools [22] . After excluding the common variants (variants present in homozygous state in either 1000 genomes or 108 unrelated Qatari individuals, and variant present in heterozygous state with MAF >5%) from these non-synonymous variants, there were 5 variants left by both the pipelines (Non-synonymous pain related rare variant in Table 3 ). From both pipelines, out of these 5 variants only one was HRC variant and most probably the causative variant.
Discussion
We found excellent performances of both GATK and CASAVA pipelines in matching the genotype calls when matching with Illumina OmniArray genotype calls. However, we saw differences in the number of variants called by each pipeline in unfiltered variant sets (CASAVA ALL, GATK ALL) and generally GATK identifies more variants because of its multi-sample calling algorithm. Most of these additional variants are of low quality but not bad in terms of Mendelian inheritance. CASAVA pipeline, in most of the cases, have TsTv ratio closer to 2 compared to GATK. Since both CASAVA and GATK pipeline were unaware of the pedigree structure while calling the genotypes, in conflicting or discordant genotypes by the pipelines, Mendelian inheritance is a good criterion to judge the confidence of variants for familial samples. In general, GATK pipeline called less Mendelian violation for all different sets. Notably, PASS filter in GATK pipeline drastically minimizes Mendelian Violation, from 2.4% in GATK ALL to 0.14% in GATK PASS in disease family 1 and from 4.86% in GATK ALL to 0.19% in GATK PASS in disease family 2. However, in CASAVA pipeline PASS filter does not reduce Mendelian violation significantly, from 4.78% in CASAVA ALL to 1.23% in CASAVA PASS in disease family 1 and from 8.03% in CASAVA ALL to 1.87% in CASAVA PASS in disease family 2. By assuming Mendelian violation to be inversely correlated to pipeline performance in cases of genotype mismatch and where the other pipeline satisfies HRC, GATK multisample calling performs better than CASAVA single sample calling for these cases. However, we didn't find any significant difference in the ability of these pipelines to identify causative variants in this abnormal pain perception family. We also found extremely low Mendelian violation in exclusively determined homozygous recessive condition for which variants were not called in any family member by the other pipeline, which suggests robustness of both GATK and CASAVA pipelines in finding the functional variants. This broad level agreement between the pipelines suggests that normally we can avoid calling variants again using more sophisticated algorithm except for specific scientific goals. One of such specific scientific goals could be finding de novo mutation in samples where comprehensiveness of variants are desired and can be obtained by taking combining the variant sets from the pipelines with tolerated false positives. Also, if the cohort sample size is large and scientific goal is based on the phase SNPs, it is desirable to use more sophisticated SNP calling platform such as GATK multiplesample calling.
On other note, the results presented here should hold for newer version of GATK as well. In furtherance, we did the sensitivity analysis (see Additional file 9) for 10 different versions of GATK released in last one and half year for our diseased family 2 data set. The relative standard deviation of variant counts of different versions of GATK for before and PASS filter sets are only 0.89% and 2.02% respectively while the difference between GATK and CASAVA presented in this paper using GATK v2.4 are around 4.9% and 7.6% before and PASS filter set respectively. Similarly, the relative standard deviation of TsTv of different versions of GATK for before and PASS filter sets are and only 0.58% and 0.59% respectively while the difference between GATK and CASAVA presented in this paper using GATK v2.4 are around 8.2% and 2.4% before and PASS filter set respectively. Thus, the different version of GATK have very little effect on the number of variants identified and thus doesn't change the results and conclusion drawn in this paper using GATK v2.4.
We have used 3 different type of data set (108 unrelated, 19 trios, and 2 diseased families) to cover some of the various possible data sets. We have found difference in results for related and unrelated individuals. In general, the pipeline comparison results should hold for most of the possible data set with some limitations. We have only tested for sequences coming from Illumina platform that helps in fair comparison of the pipeline but the result might deviate for sequence reads from some other platform. Also, we have not tested for complex diseases like cancer where somatic mutation is frequent.
